
Keystone Symposia

Many H3K27ac scores can quantify enhancers to identify oncogenic dependenciesAbstract

Super enhancers (SEs) can 
identify oncogenic 

dependencies

A computational model using the epigenome and trained on CRISPR drop-out screens 
can identify oncogenic dependencies in primary tumor samples
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PETCERF integrates H3K27ac and GRN 
scores to predict essential genes

PETCERF can identify oncogenic dependencies 
in primary tumors from H3K27ac ChIP-seq

Conclusions
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Some AML patients have a SE at the RARA locus 
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RARA-high AML cell lines are sensitive to SY-1425 

Super enhancers (SE)
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Scores using gene regulatory network (GRN) topology 
to predict target (or TF) activity

Random 
forest model

H3K27ac and 
GRN scores

Oncogenic dependencies
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CRISPR essentiality 
in cell lines

Predicted essentiality 
in primary tumors

PETCERF is better at selecting 
specific CRISPR drop-outs
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Primary samples

PETCERF score
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Scores quantifying H3K27ac 
signal around genes
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PETCERF improves correlations 
with CRISPR scores across cell 

lines by gene
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Model: 0.0804
Recom: 0.0582
Recom B: 0.0537
ABC: 0.0494
ABC B: 0.0615


